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(MPIL: Market prediction through image learning of unstructured and structured data)
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Abstract

Financial time series analysis plays a very important role economically and socially in modern society and is an
important task affecting global development, but due to difficulties such as a lot of noise and uncertainty, financial
time series analysis prediction is a difficult research topic. In this paper, we propose a market prediction method
(MPIL) by converting unstructured data and structured data into images. For market prediction, it analyzes SNS
and news data, which is unstructured data for n days, and converts the market data, which is structured data, to
an image with the GADF algorithm, and predicts an ultra—short market that predicts the price of n+1 days through
image learning. MPIL has an average accuracy of 56%, which is higher than the 50% average accuracy of the
model that predicts the market with LSTM by using sentiment analysis used for existing market forecasting.
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